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ABSTRACT

This paper presents a new lattice vector quantizer,
namely lattice based shape-gain vector quantizer
(LSGVQ), for line spectral frequencies (LSF)
guantization. LSGVQ is developed in an attempt to
reduce computation time for codebook search and
memory requirement for saving codewords. Optimal
design method and optimad encoding agorithm are
provided for LSGVQ based on optimization of the
squared error distortion. Experiments show that LSGVQ
for LSF quantization can achieve spectral distortion less
than 1 dB at 20 bitg/frame and transparent quality at 26
bits/frame.

1. INTRODUCTION

LPC (Linear Predictive Coding) has been successfully
used in speech coding to adaptively represent the spectral
envelope of speech. LPC parameters are the coefficients
of an p" order all pole synthesis filter, usually p=10, and
ae transformed into other forms of parametric
representations for efficient and stable coding, among
which LSF (Line Spectral Frequencies) representation is
mostly used in various speech codes due to its distinct
features of stability and efficient coding.

Many schemes have been studied to explore the way
for efficient quantization of LSF parameters while trying
to reduce the codebook search time and memory
utilization for saving codewords. Paliwal and Atal [1]
used the split quantizatin method (SVQ) to encode LSF
and achieved transparent quality quantization at about 26
bits per frame for the Euclidean distance measure and at
about 24 bits per frame for the weighted Euclidean
distance measure. The transparent quantization defined
in [1] sdatisfies three conditions, i.e, 1) The average
distortion is about 1 dB; 2) There is no outlier frame
having SD larger than 4 dB; and 3) The number of
outlier frames with SD in the range 2-4% dB is less than
2%. Multistage vector quantization (MSVQ) was
adopted in [2] to quantize L SF and the same performance
virtually identical to the 24 bit split VQ was obtained at
22 hits/frame. Using two stage VQ-Lattice VQ (VQ-
LVQ), Pan and Fischer[3] compared their method with
SVQ and MSVQ, and provided better performance than
[1] and [2]; they got the transparent quantization at rates
ranging in 24-25 bitgframe All these algorithms still
need significant memory to save codebook and the
computation time to search the nearest neighbor for any
input vector is still considerable.

To further reduce the memory requirement for the
storage of codebooks and the computation complexity
for searching codeword in vector quantization of LSF,
lattice vector quantization is chosen as a very promising
aternative. Several publications have addressed the
lattice VQ for LSF [3,4,5,6].

In this paper, we consider the LSF quantization using
lattice based VQ. We develop our quantizer along the
line of the shape-gain vector quantizer [7,89] by
replacing a normal shape quantizer with a lattice based
VQ. Our lattice based shape quantizer is used to quantize
the shape of an input vector and, at the same time, has
low computation for codebook search and no memory
requirement for storage of codebook. The optimal design
of the quantizer under the mean squared error distortion
measure is presented, along with the optimal encoding
algorithm. TIMIT speech database is used for training
and testing the proposed quantization scheme and
experiments show that the quantizer can reach SD less
than 1 dB at 20 bitg/frame and transparent quality at 26
bits/frame.

2. LATTICE BASED SHAPE-GAIN VECTOR
QUANTIZER

Lattice based shape-gain vector quantizer (LSGVQ) is
developed based on the general concept of shape-Gain
VQ [7,8,9], and the difference is that the shape VQ in
LSGVQ isrealized by a lattice VQ called lattice based
shape vector quantization (LSVQ).

LSVQ is a lattice based VQ with all codewords
having unit gain. A lattice with severa sphericaly
truncated shells can be sdlected to form an LSVQ. We
expressthe LSVQ as

where QX isthe codeword of the LSV Q with unit gain,
N(QX)is the normalization of a lattice vector QX ,
n(QX) isthe norm of QX , A denotes a lattice, and

M is the squared radius of a sphere which is used for

truncation of a lattice. The combination of severd
different lattice shellswhich are scaled by their own radii
generates a unit lattice VQ. With our special application
to LSF, thelattice A\ isselected as
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where
DlO ={(X1,X2,...,X10)D21° |ZX] =even} (3)

The fast search agorithm of the LSVQ is based on
the original fast quantizing algorithms [10]. The derived
search algorithm needs to find all possibly existed lattice
points on different shells as a possible nearest neighbor
(NN) and choose the one which has the optimal
distortion. The search direction is dways arranged from
the outmost shell to the innermost one and the search
step is taken equal to the digtance between the adjacent
shells. Generally, the outmost shell should be selected as
the one with lattice points on it, because the outmost
shell without any lattice point on it will lead to a search
at most as good as in the case where the outmost shell
has lattice points. Since an input vector to the shape
guantizer always has unit gain, we scale the input by the
radii of shels of the LSVQ and then use the origina
search agorithm to get the nearest neighbour (NN) of the
input. The fast search algorithm in the LSVQ is
described in detail as follows

Step0.  Given the input vector X, with unit gain and
al sguared radii of the shellsin an LSVQ,
i,e, m@i=nn-1..21) wheeem >m_,.

Multiply X, by the squared root of m, to

get X =X, O4/m, .
Step2.  Find the nearest neighbor QX in the lattice

for the vector X using the agorithm of
Conway and Sloane [10].

Ifn(QX)*0Om, (i =n,n-1...21), then go to
Step 4; Otherwise n=n-1and goto Step 1.
Output QX, = N(QX)as the shape VQ
result

Stepl.

Step3.
Step4.

In order to get a better distortion performance, more
shells can be appended to the set m (i=n,n-1,...21),

even shdls where there is no lattice point at al,
especially those shdls near the outmost lattice shell. If
there exis some input vectors for which no nearest
neighbor can be found, more lattice shells with lattice
points should be added to the LSVQ. Consequently, the
associated hit rate increases. Moreover, the truncated
shells of an LSVQ should be chosen to let the distance
between the largest and smallest shells be larger than the
covering radius of the employed lattice. Finally, in most
cases, an NN can be found by search in the first few
spheresfor agiven LSVQ.

The presented LSV Q can be used to build the overal

LSGVQ. Suppose én isan LSVQ and g, is a scalar

guantizer with a few codewords. A sub-LSGVQ is
defined as

¢, ={8:6.}= {8,001 212N 8, 1 212N, )
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where N, isthe number of lattice pointsin each S, and
N, isthenumber of codewordsin each g, .

An LSGVQ consists of several sub-LSGVQ's, i.e,
c={c,;n=12...,N} (5)
One exampleof an LSGVQ is

S, = lattice E; with shells m={4,32}, N, =2400;

g = {4-25} » N =1

S, = lattice E; with shells m={6,5,4,2}, N, =9120;
g, ={L66}, Nag =1

S, = lattice E; with shells m={8,7,6,4,2} , N, =26640;
G; ={244,333, Ny, =2

Given an input X, the quantized output X is the
product of g, (j) and én (i), resulting in the sguared
error distortion
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In order to obtain an optimal LSGVQ, several design
steps should be iterated as described in [9] for the shape-
gain VQ design. Because the fixed LSVQ's have been
selected in advance in the design process, only the gain
guantizers associated with each LSVQ need to be
optimized according to (6) which resultsin the following
updating formula
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Gn(i) =
Where C, (j) is the partition region of §,(j) and én,
and |C,(j)| is the number of vector X falling into
C, (]) - The corresponding sequential updating way is

6.(1) = 8,()) +a(X" B.()-8,(7) ©)

Where a isasmall constant, say 0.006. Thus the design
algorithm for LSGVQ is proposed as follows

Step0.  Choose a set of LSVQ's, say én (n=12,...,N),
which meet the bit rate requirement and
initialize the corresponding gain quantizers, say
8,(1) (1 =12...Nyg) (n=12....N), by applying
the Lloyd algorithm to gains, n(X), of input
sources.

Stepl. Encode an input X as described later to
determineindex (N, i, j); Compute the optimal
codewords using (8); Repeat Stepl for all input



vectors.

sep2. 1{S,,§},n=12,..,
Else go to Stepl.

N do not change, Stop.

The optimal encoding scheme for LSGVQ is based on
the above optimal processes, which is depicted in Fig. 1.
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Fg 1 AnQptimel Encoding for LSGVQ

The Optimal Encoding Algorithm for LSGVQ:
Ss1 For N=1to N
- Find the shape code én(i) in én for a given

input vector X by using the Fast Algorithm of
LSVQ;

- compute X" [, (i) ;
. find a gan code §,(j) for each S, by
minimizing ‘xT [én(i)—@n(j)‘;
- compute the reconstruction )Z(n):@n(j)[én(i)
and itsdistortion d(n) = ”X - )A((n)”z.
End
s2 Find the fina recondruction as X = @n(j)[én(i)

by minimization of d(n) (n=12...,N). The
index (n,i, j) will be the encoding resuilt.

3. QUANTIZATION of LSF by LSGVQ

LSF parameters are an equivalent representation of LPC
and are encoded for efficient transmission. The encoding
performance is measured by average spectral distortion
(SD) which is defined as
%1/2
9)
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where N, is the total number of frames, A (e'”) and

An (e') arethe spectra of the nth speech frame without
and with quantization, respectively, and © is 377/4 for

the 3kHz frequency band. A (e'’) and A (e'”) ae
computed by using 256 point FFT.

Using LGSVQ to quantize LSF parameters, the
following special considerations need to be taken. First,
since the values of LSF parameters are distributed
between (0, 77) , their average is subtracted from each set

of LSF so that the shape of the difference will be
uniformly distributed around the unit sphere Thus
guantization by LSGVQ will be more efficient.
Secondly, when using LSGVQ to quantize LSF, the
outliers most likely occur a the space where gain is
bigger, so LSVQ with a larger bit rate should be
allocated to a big gain in order to reduce the number of
outliers. Finaly, since the norm of the difference
between LSF and their average varies in a very small
range, the total number of codewords for al gan
guantizers (each associated with one LSVQ) is usualy
chosen between 6 to 10, depending on the digtribution of
the bit rates of the associated LSVQ's.

4. EXPERIMENTS

We follow the same steps in CS-ACELP [11] to obtain
LSF parameters for every 10 ms speech analysis frame,
including highpass filter preprocessing, windowing, and
computing LPC parameters by Levinson algorithm. The
only difference isin the way to deal with the bandwidth
expansion. In our experiments, the 10 Hz bandwidth
expansion is used by multiplying each LPC parameter
a (i=12,...10 by 0.996 [3].

Speech data for experiments are from TIMIT
database, and 5,526 frames in the trainining database are
used for training LSGVQ and 124,201 frames in the test
database for testing our quantization method. Several
cases with different bit rates used for LSF quantization
have been studied, and in each case the optima LSGVQ
is obtained by the optimal design method developed
above. In the design process, LSVQ's with a big hit rate
are selected with priority on the condition that the total
bits requirement is satisfied and total number of
codewords in gain quantizer is in between 6 and 10.
Taking the bit rate 18 as an example, the corresponding
LSGVQ is shown beow, with a total of six gan
codewords, the smallest of which is associated with a
small bit rate LSVQ and other five associated with a big
bit rate LSVQ. The bit rate of the LSGVQ is17.9428.

S, =D, with shells m={4.5,4,3,25,3} , N;; =9192
& ={0.0929, Nyg =1
S, =Djy with shells m={6.5,6,5,45,4,2.5,, N,q=48552;



g2 ={0.1413,0.268,0.3438.4942,06823 , Npg =5

The experiment results are shown in Table 1 which
are obtained by the optimal encoding schemein Fig 1.

Talbe 1 Average Spectral Digtortion
bits | SD(dB) | >1(%) | >2(%) | >4 (%)
18 1.1110 35.69 9.65 1.27
19 1.0543 33.83 8.28 0.74
20 0.9788 29.45 7.26 0.68
21 0.9085 25.70 5.89 0.35
22 0.8627 22.50 4.95 0.21
23 0.7953 19.44 4.22 0.15
24 0.7569 17.54 3.63 0.07
25 0.7137 16.12 2.99 0.02
26 0.6683 13.82 2.37 0.01

As shown in Tablel, our LSF quantization scheme
can achieve the SD less than 1 dB at 20 bits/frame and
transparent quality at 26 bits/frame, while retaining the
appealing features of lattice vector quantization, i.e., fast
search agorithm and no memory required to save the
codebook. The LSGVQ for 20 bits/frameis given below:

S =Djy ,m={6,5.5,5,45,4,2.5,3, Nyg =48552
={0.07390.09630.116% , Nig =3

&
S, =D}, m={8.5,8,7,66,6,4.542.53, Nys=167132;
g, ={0.1437,0.22920.3247,0.451%, Npg =4

S;=Djy, m={10,9,8.5,%.5,6,4.54,2.5,3 , Ny, =296196;
g5 ={0.6424 , N3 =1

and for 26 bitgframe the LSGVQ is specified by

S.L = DIO ’
m={18.5,18,1ZI.6.5,16,14.5,14,125,12,10.510,8.5 , Nqg =6585488
[N ={0.10890.1542,0.2218,0.2918,0.37180.4687} » Nig =6

SZ = DIO ’
m={20,19,18.518,16.5,6,14.5,1412.5,12,106,1¢ , N, =8569272
g, ={0.58840.72480.906§ , Npg =3

For each bitsframe, several different LSVQ's have
been sdected and, accordingly the associated LSGVQ's
are designed usng the optimal design algorithm. The
computation results with different LSGVQ's for the
same bits/frame have shown that similar SD and outlier
percenatge are obtained by many different settingsin the
LSGVQ.

5. CONCLUSION

We have developed a lattice based shape-gain vector
guantization agorithm in order to reduce the codebook
searching time and the storage memory for the
codebooks. The optima design method and optimal
encoding algorithm for LSGVQ are presented, which can

be successfully used for applications like LSF
guantization. The experiments with TIMIT speech
database for LSF quantization show that LSGVQ can
obtain the SD less than 1 dB at 20 bits/frame and
transparent quality at 26 bits/frame while retaining the
useful features of lattice vector quantization. The
sdlection of LSVQ part of the LSGVQ is not very
critical, similar values of SD being obtained for many
different LSVQ stages.
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